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Online Target Tracking Algorithm Based on
Feature Point Matching
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Abstract: A target tracking algorithm based on feature points matching has been proposed in this paper.
Firstly, the method of tracking target in the saliency region can solve target size sensitivity while improving the
quality of choosing samples and reducing the effect on the tracker caused by background clutter. Secondly, the
target’s scale can be estimated through median flow tracker and feature points matching and the interference
point can be rejected by hierarchical clustering, based on these methods, tracker drifting and out-of-plane
tracking failing can be resolved effectively. Finally, a simple fast search objectives method based on adaptive
scale detector was proposed to accelerate detection speed. Experimental results demonstrate that the proposed
algorithm can enhance the tracking robustness of TLD target tracking method effectively and obtain good re-
sults on standard data sets.
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Fig. 3 Saliency region extraction of tracking target
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boy 0. 81 0. 64 0. 310 0.97 0.70 0. 81 0.95
carscale 0. 44 0. 46 0. 440 0.41 0.41 0. 50 0.73
coke 0.73 0. 05 0.110 0. 94 0.09 0.51 0. 84
couple 0.08 0.08 0.670 0. 54 0.68 1. 00 0. 60
deer 0.98 0. 04 0.113 0.98 0. 04 0.73 0. 95
dogl 0. 60 0. 56 0. 350 0.61 0. 46 0. 66 0.99
doll 0. 33 0.10 0. 350 0.47 0.54 0.61 0. 98
dudek 0. 86 0.68 0. 820 0.91 0.83 0. 80 0. 96
faceoccl 1. 00 0.23 0. 810 0.98 0. 85 0.79 0.96
fish 0.04 0.37 0. 370 1. 00 0. 86 0. 96 1. 00
fleetface 0. 66 0. 38 0. 480 0. 67 0.55 0. 49 0.61
football 0.73 0. 60 0.710 0. 66 0.78 0.41 0. 69
footballl 0.43 0. 39 0. 820 0. 81 0. 08 0. 39 0.52
freemanl 0.13 0.13 0.130 0.19 0.10 0.21 0. 62
jumping 0. 04 0. 04 0. 580 0.95 0. 00 0.84 0.97
liquor 0.27 0.25 0. 200 0.40 0. 20 0. 56 0. 96
matrix 0.01 0.02 0.110 0.12 0.02 0. 06 0.10
mountainbike 1. 00 0.61 0. 540 0. 95 0.16 0. 26 0.93
shaking 0.83 0. 82 0.190 0.13 0. 04 0.38 0.73
singerl 0. 27 0.48 0. 270 0.29 0. 20 0.99 0. 90
skatingl 0. 36 0.21 0. 100 0. 29 0. 05 0.21 0.59
subway 0.21 0.22 0. 800 0. 89 0.77 0.22 0. 65
suv 0.57 0.49 0. 130 0.57 0.23 0. 83 0. 90
walking?2 0. 40 0.57 0. 380 0.42 0. 27 0. 39 0.76
woman 0. 24 0. 21 0. 180 0.93 0.15 0.16 0.78
S5 1E 0.48 0. 34 0. 390 0. 64 0. 36 0. 55 0.78
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