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Abstract; Taked the PKU-500 dataset in the NLPCC-ICCPOL 2016 Chinese word similarity competition as
the reference standard for evaluation, used dynamic weights multi-model fusion to analyze word similarity, ob-
tained a Spearman rank correlation coefficient of 0. 568, which is 9. 6% higher than the first place in the
NLPCC-ICCPOL 2016. The results show that the improved multi-model fusion method based on dynamic
weight improves the accuracy of calculating word similarity.
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