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A Particle Filter Method Embedded with
a Variable Scale Mean-Shift Algorithm

LIN Yuan—can, CHEN Duan-sheng, HU Xiao—ping

(College of Computer Science and Technology, Huagiao University, Quanzhou 362021, China)

Abstract: Embedding variable scale mean-shift algorithm into particle diffusion process, particles are diffusion into the
high density area of the post probability density function, this paper proposed a particle filter tracking method embedded
with a variable scale mean—shift algorithm. The scale invariable characters of image in logarithmic polar coordinates was
used in the particle diffusion process, in which position space and scale space are shifted at the same time. The experiment
shows the method can not only track object smoothly with discontinuous scale variation, but also need less particles.
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