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Prediction Method of the Chaotic Time Series Using
Least Squares Support Vector Machine

MO Xiao-qin, LI Zhong-shen

(College of Mechanical Engineering and Automation, Huaqiao University, Xiamen 361021, China)

Abstract: Based on the phase space reconstruction theory, prediction model of chaotic time series using least squares
support vector machine (LSSVM) was presented in this paper, and particle swarm optimization (PSO) was used to solve
the LSSVM parameter optimization problems. By comparing with the established prediction model of RBF neural net-
work, the root mean square error of the prediction model was calculated to evaluate the performance of the model. The re-
sults show that the PSO optimized LSSVM prediction model has higher prediction accuracy.

Keywords: chaotic time series; phase space reconstruction; least squares support vector machine; particle swarm optimi-

zation; prediction model

(REHE: Wit WXER: L)



