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14 37.5 M 1 0. 30 0.75 0.55
15 12.5 M b 1 0.25 0.15 0. 30
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LPV Model of Hydraulic Excavator Based on
Neural Network Identification

SHAO Hui, HU Yanli, HONG Xuemei, WANG Fei

(College of Information Science and Engineering, Huaqiao University, Xiamen 361021, China)

Abstract: A linear parameter varying model is proposed based on neural network identification for building the hydraulic

excavator boom model. The model of the joint angle is obtained based on the first-order plus dead time model of the joint

velocity at each working-point. Depending on scheduling variable characteristics, the LPV model parameters are identified

by using neural network, and the global LPV model of the excavator boom in the workspace is designed. The simulations

and experiments indicate the accuracy of the model and the validity of the method.

Keywords: hydraulic excavator; boom joint; neural network; variable linear parameter; identification
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